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ABSTRACT
Aim: Despite unprecedented environmental change due to anthropogenic pressure, recent work has found increasing dissim-
ilarity due to turnover but no overall trend in species diversity through time at the local scale. Functional diversity provides a 
potentially powerful alternative approach for understanding community composition by linking shifts in species identity to the 
characteristics that underpin ecosystem processes. Here we present the first multitaxa, multisystem analysis of functional diver-
sity and composition through time.
Location: Global, with a North American focus.
Time Period: 1923–2014.
Major Taxa Studied: Mammals, Birds.
Methods: We paired thousands of bird and mammal assemblage time series from the BioTIME database with existing trait data 
representative of species' functional roles to reconstruct time series of functional diversity and composition metrics. Our dataset 
included 2432 time series of yearly observations from 50 studies with a maximum spatial extent of 95 km2. Using generalised 
linear mixed models, we estimated general and study- level trends for those metrics.
Results: We found no overall temporal trends in functional diversity metrics. Study characteristics such as taxa, realm, biome, 
or protection status did not distinguish between types of change exhibited by communities. We found evidence of a temporal 
increase in fish consumption across all communities but no evidence to support multiple predictions for specific traits, including 
decreasing body size, dietary shifts or changes in bird foraging strata.
Main Conclusions: General temporal trends indicate that on the aggregate, studies do not exhibit consistent changes in func-
tional diversity across many taxa, biomes and realms. At the study level, the majority of studies showed no temporal trends in 
species or functional diversity, with the remainder of the studies falling into broad categories of functional diversity change 
independent of species richness, functional redundancy loss (species richness declines with functional richness maintained) and 
increasing species richness sometimes accompanied by increasing functional richness.
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1   |   Introduction

Ecological communities are experiencing unprecedented 
changes due to anthropogenic pressures such as climate 
change, land use change and invasive species. Impacts of these 
pressures are well documented at a global scale by an accelerat-
ing global extinction rate (Barnosky et al. 2011) and fundamen-
tal changes in some of the most well- studied systems (e.g., coral 
bleaching, Sully et al. 2019). At the local scale however, species 
diversity tells a different story. Recent syntheses of local trends 
in biodiversity over time have found no net change in local 
species diversity despite ongoing turnover (Brown et al. 2001; 
Dornelas et al. 2014; Vellend et al. 2013, 2017) and evidence of 
significant shifts in community composition underlying con-
sistent species richness (Brose and Hillebrand  2016; Gotelli 
et  al.  2017; Li et  al.  2020). While communities are clearly 
changing, our most common species- based approaches do not 
fully capture the nature of that change. Still, using general 
trends derived from limited data as a diagnostic for the state 
of biodiversity is a topic of ongoing debate (Boënnec, Dakos, 
and Devictor 2024; Johnson et al. 2024). Global analyses have 
been heavily criticised for geographic biases, lack of data in the 
most heavily impacted areas, short time windows biased to-
wards the present day and exclusion of individual studies' eco-
logical context (Cardinale 2014; Cardinale et al. 2018; Gonzalez 
et al. 2016). Many of these criticisms reflect limitations of eco-
logical data overall (Chapman et al. 2024), leading to a call for 
additional data not only to fill geographic and temporal gaps, 
but to fill in key characteristics of communities (Dornelas 
et al. 2023; Primack et al. 2018).

Functional diversity offers a powerful addition to species- based 
approaches for detecting and describing community change by 
capturing changes in the traits that underpin fundamental eco-
logical processes (Lavorel and Garnier 2002; Mcgill et al. 2006; 
Streit and Bellwood  2023; Suding et  al.  2008). Functional di-
versity metrics capture complimentary aspects of the trait space 
including the volume of the multidimensional space (functional 
diversity), how species and abundance are distributed across the 
space (functional evenness and divergence), and how the space 
maps to individual trait distributions (community- weighted 
trait means). Considered together, they describe the aspects of 
the trait space that mediate ecological process.

Trends in functional diversity across broad geographic extents 
are the aggregation of local- scale responses to acute pulse distur-
bance, persistent press disturbances and periods of relative stasis 
(Inamine et al. 2022). Pulse disturbances have a sudden one- time 
impact on the community, changing abundance distributions 
(functional evenness or divergence) or reducing the volume of the 
functional space (Boersma et al. 2016; Hillebrand and Kunze 2020; 
Larson et al. 2021). While press disturbances can also lead to loss 
of functional volume as species fail to adapt to new conditions, they 
can also lead to wholesale shifts in the location of the functional 
space as species fill in new environmental space. Rather than iden-
tifying outcomes of one of these specific processes, observational 
time series of functional diversity therefore capture the cumulative 
effects of multiple potentially competing processes.

The expectation for functional diversity change across com-
munities is not obvious from past work and may or may not 

follow species richness trends (Dornelas et  al.  2023; Larson 
et  al.  2021). While loss of functional diversity is frequently 
cited as one of the most pressing concerns of the anthropocene 
(Cardinale et  al.  2012; Dirzo et  al.  2014; Young et  al.  2016), 
observational trends show significant functional loss in some 
studies (Flynn et al. 2009) and no loss even in the most heavily 
impacted communities for others (Edwards et al. 2013; Larsen 
et  al.  2018; Matuoka et  al.  2020). Broad- scale observational 
studies are limited, but show for example functional richness 
increases for North American birds (Barnagaud et  al.  2017; 
Jarzyna and Jetz  2016). We have stronger expectations for 
changes in the prevalence of some individual traits. For ex-
ample, animal body size is expected to decrease as a result 
of climate change, a phenomenon that has been documented 
in multiple taxa empirically and experimentally (Caruso 
et al. 2014; Forster, Hirst, and Atkinson 2012; Huss et al. 2019; 
Sheridan and Bickford  2011; Tseng et  al.  2018). For dietary 
traits, recent work documenting insect declines (Wagner 
et al. 2021) points to potentially profound negative impacts on 
insectivorous animals (Canaday 1996; Şekercioḡlu et al. 2002; 
Tallamy and Shriver  2021). Predicted extinctions based on 
species- level vulnerability point to further dietary shifts, fa-
vouring increases in invertivorous species (Cooke, Eigenbrod, 
and Bates 2019). Some systems also show significant shifts in 
the prevalence of different kinds of foragers in birds, for ex-
ample loss of arboreal foragers in agricultural systems (Bain 
et al. 2020) and loss of neotropical understory foragers even in 
protected areas (Pollock et al. 2022).

Here we leverage ongoing efforts to assemble functional trait 
data and recent computational advances to perform the first 
multitaxa, multirealm assessment of functional diversity and 
composition change through time. We focus on mammal and 
bird species as subsets of the world's biodiversity of particular 
conservation concern that is heavily impacted by anthropogenic 
change. While examining trends in plants, invertebrates and 
other vertebrate species is of equal interest, trait data for those 
taxa raise additional challenges such as limited and biased spe-
cies coverage (FitzJohn et al. 2014), a lack of accepted species- 
level means and differences in the types of traits collected. To 
ensure comparability across taxa in trait type and data quality, 
we therefore focus on mammals and birds. We include body 
mass, dietary, foraging and other behavioural traits that were 
intentionally selected to be representative of a species' Eltonian 
niche, thereby summarising the functional role they play in the 
community (Wilman et al. 2014).

We synthesise thousands of mammal and bird functional di-
versity time series to assess mean trends across communities. 
We evaluate (1) whether or not there is consistent change in the 
functional trait space shape (functional diversity) or location 
(community- weighted trait means) across communities and 
whether community characteristics explain variation in that 
change, (2) hypotheses of change for individual trait axes includ-
ing: decreasing body size, decreasing insectivory, increasing in-
vertivory, decreasing arboreal and understory foraging and (3) 
the implications of study- level trends for the ecology of those 
communities. To address these goals, we present results for 
general trends that aggregate across all communities, category- 
specific trends that aggregate across communities with similar 
characteristics and study- level trends.
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2   |   Material and Methods

2.1   |   Data

We obtained mammal and bird time series from the BioTIME 
database, a global repository of high- quality assemblage time se-
ries collected from the literature and ongoing monitoring efforts. 
Data are structured such that a study comprises all data collected 
following consistent sampling protocols and may contain multi-
ple site locations. Samples at each site represent full assemblages 
rather than populations of single species (Dornelas et al. 2018) and 
include both abundance and presence/absence data. Following 
best practices for the database (Blowes et al. 2019), studies with 
multiple sample locations were split into individual time series fol-
lowing a standardised spatial scale. Scale was set by a global grid 
with cell size determined based on the sample extent of studies 
with only a single location (see Blowes et al. 2019 for details on 

how sample extents were defined), with the area of each cell set 
to one standard deviation away from the mean of the single extent 
locations. The resulting cell size for our data was approximately 
95 km2. All samples from a study within a single cell were consid-
ered to be a single time series location, and species abundances, 
if available, were combined for all samples. This approach there-
fore sets an upper bound on the definition of local for studies with 
multiple locations. Our dataset included 29 single location studies 
(average spatial extent of ~4 km2), and 24 multilocation studies ag-
gregated by cell.

We used trait data from the Elton Trait Database, which consists 
of species- level means for traits that represent species' multifac-
eted role in the community (Wilman et al. 2014). Traits include 
body mass, diet, nocturnality, forest foraging strata and pelagic 
use. For categorical traits, different category levels are repre-
sented as binary or percentage use (Table 1).

TABLE 1    |    Description of the traits included in the analysis broken down by categories at data type.

Trait Category Taxa Data type

Diet Invertebrate Bird and Mammal Percentage consumed

Mammals and Birds

Reptiles

Fish

Unknown vertebrates

Scavenging

Fruit

Nectar

Seeds

Other plant

Foraging strata Below water surface Bird Percentage of use

Water surface

Ground

Understory

> 2 m, below canopy

Canopy

Aerial

Pelagic Specialist Yes Binary

No

Nocturnal Yes Bird and Mammal

No

Crepuscular Yes Mammal

No

Diurnal yes

no

Body mass — Bird and Mammal Continuous, in grams
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In order to ensure taxonomic consistency across datasets, 
BioTIME species were paired with trait data based on their 
species identifier from the Integrated Taxonomic Information 
System database (retrieved 09- 15- 2020 from the online database, 
https:// doi. org/ 10. 5066/ F7KH0KBK), obtained through the 
taxadb R package (Norman, Chamberlain, and Boettiger 2020; R 
Core Team 2021). If more than one species in the assemblage data 
resolved to the same identifier, observations were considered the 
same species. For trait data, traits for all species of the same iden-
tifier were averaged. Only studies for which at least 75% of species 
had trait data were included. In order to have a sufficient num-
ber of species to calculate functional diversity metrics, years with 
fewer than 5 species observed were also excluded. Sensitivity 
analyses were conducted for the trait coverage threshold and 
duration of included time series by rerunning analyses with in-
creasingly conservative cutoffs including 85% and 90% coverage 
trait coverage and durations longer than 3, 4, 5 and 10 years.

Forty- one of the 2432 time series included in our dataset had 
a variable number of samples within years. To account for this 
inconsistency in sampling effort, we used sample- based rar-
efaction by bootstrap resampling within years for each time 
series based on the smallest number of samples in a year for 
that time series. We made 200 rarefied samples for oversam-
pled years and calculated diversity metrics for each sample 
and then took the median for each metric as the value for 
that year and time series. Twenty- eight of the rarefied studies 
required undersampling by only one sample, and only three 
time series required undersampling by more than ten sam-
ples. For time series with and without rarefaction, samples 
were pooled within each year and abundances were summed 
(where available).

Our final dataset included 2432 time series from 50 studies in 21 
countries and 12 biomes using 7 different traits (Figure 1). Data 
came from both terrestrial and marine realms and five biomes 
(Global, Polar/Temperate, Temperate, Temperate/Tropical, 
Tropical). The earliest sample was in 1923 and the most recent 
was in 2014. While it is not possible with available data to di-
rectly assess the level of human impact occurring for each study, 
we include binary protection status as a coarse indicator of im-
pact level. However, protected areas were almost exclusively 
from temperate terrestrial studies (with one tropical study), so 
results are confounded by multiple other study characteristics. 
For a full breakdown of studies and their characteristics, see 
the Supporting Information. Our final dataset reflects many of 
the data biases that make global synthesis work challenging, in-
cluding geographic bias, a bias away from areas currently under 
the greatest threat and a bias towards shorter time series. We 
address these shortcomings and their potential impact on our 
results in the discussion.

2.2   |   Diversity Metrics

We calculated yearly metrics of functional and species di-
versity for each time series. Species- based metrics include 
species richness (S) and Jaccard similarity (J) as a measure 
of turnover. Jaccard similarity was calculated relative to the 
first observed year for a time series. A negative trend in J 
would therefore indicate decreasing similarity. To assess for 

sensitivity to baseline we also calculated similarity relative 
to the final time step, which showed changes accumulating 
similarly regardless of the baseline chosen (Figure S1). We did 
not impose a correction for unobserved species as nonpara-
metric estimators do not assign species identities to corrected 
richness values and therefore could not be propagated to the 
functional diversity metrics.

Functional diversity metrics were calculated using the dbFD 
function from the FD R package (Laliberté and Legendre 2010). 
Here we report functional richness (FRic), functional evenness 
(FEve) and functional divergence (FDiv) which together describe 
three complementary characteristics of the functional space 
(Hillebrand and Matthiessen 2009; Mason et al. 2005). FRic as-
sesses the volume of the trait space occupied by species in the 
community, with higher values indicating communities with 
species of more extreme trait values. FEve describes how spe-
cies are distributed across the trait space and how abundance 
is distributed across species. Higher values of FEve indicate 
more even spacing of species in the trait space and individuals 
across species. FDiv measures the degree to which species and 
their abundances maximise differences in the functional space. 
Higher values of FDiv therefore correspond to communities 
where many highly abundant species are on the edges of the 
trait space.

To assess compositional changes, we also calculated the 
community- weighted mean (CWM) of all continuous traits (diet, 
foraging strata, body mass) to examine changes in the distribu-
tion of each trait. Wholesale shifts in the observed trait space 
due to changes of trait means could occur even while the shape 
and dispersion of the multidimensional trait space, as defined 
by functional richness, evenness, and divergence, is maintained 
through time. CWMs are therefore a way to assess whether or 
not turnover is occurring and what the nature of the shift may 
be. Hereafter, we refer to results for functional metrics in two 
groups: functional diversity metrics (FRic, FEve, FDiv) and com-
position metrics (trait CWMs).

All available trait data for each study were included in func-
tional diversity calculations with the exception of traits that 
were the same value for all observed species in the study. For 
variables with multiple levels, each level was included as a sepa-
rate trait axis. Continuous traits were z- score scaled to give each 
trait equal weight in the trait space (Leps et al. 2006; Schleuter 
et  al.  2010). In preparation for calculating diversity metrics, 
dbFD calculates a trait distance matrix using Gower's distance 
and reduces the dimensionality of that trait space by perform-
ing PCoA. We limited the number of included PCoA axes to 
the maximum number of traits that fulfils the criteria s > = 2t, 
where s is the number of species and t is the number of traits. 
This restriction allows for enough axes to capture the trait space 
while maintaining computational feasibility (Blonder  2018). 
Metrics incorporated weighting based on species abundance 
when available.

2.3   |   Null Models

To assess changes in functional diversity independent of spe-
cies richness, we calculated the standardised effect size (SES) 

https://doi.org/10.5066/F7KH0KBK
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for each of the three functional diversity metrics (FRic, FEve, 
FDiv) from null estimates (Swenson et  al.  2012). Null model 
corrections allow us to assess the degree to which the ob-
served functional diversity metric deviates from the value ex-
pected by chance in a randomly assembled community. Null 
estimates were calculated for each rarefied sample by ran-
domly sampling species from the species pool for each year 
and randomly assigning observed abundances to species for 
abundance- based studies. Species pools were unique for each 
time series and included all species observed over the course 
of sampling, therefore accounting for geographic restrictions in 
species availability. This approach assumes the species pool is 
constant through time and that the species abundance distri-
bution is conserved. This process was repeated 500 times to get 
an estimate and standard deviation of the null expectation for 

the metric for each rarefaction sample for that time series. We 
used these values to calculate SES using the following formula: 
SES =

[

Fobs −mean(Fnull)

]

∕SD(Fnull). We then calculated the 
median SES estimate for each metric from all the rarefaction 
samples for a time series. SES estimates can be interpreted as 
how much of the functional characteristic (richness, evenness, 
divergence) was observed beyond what was expected by chance 
for a community of that species richness. Hereafter, we refer 
to the SES as the corrected metric in comparison with the ob-
served metric. This approach will be less accurate for shorter 
time series, as we likely will not have captured all available 
species in the true species pool, but it is impossible to know 
whether the mean estimate from the null model is an over-  or 
underestimate without knowing the functional characteristics 
of the missing species.

FIGURE 1    |    (A) Map of time series locations with points coloured by taxa and (B) histograms of time series duration broken down by taxa.
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2.4   |   Analysis

We estimated general trends across bird and mammal com-
munities for each diversity metric using a linear mixed effects 
model with a random slope and intercept for each study and 
each location nested within the study, methods which deal well 
with the inherent imbalances in our data. We fit individual mod-
els for each of the 18 CWMs calculated for continuous traits or 
trait categories (see diet, foraging strata and body mass traits in 
Table 1). All time series with data for a given trait were included 
in the corresponding CWM model. We estimated study- level 
trends using individual linear models. For studies with more 
than one location, we fit a random slope and intercept for lo-
cation. Study- level models could not be fit for five studies for at 
least one metric due to data limitations, but those studies were 
still included in the general models. They represented 13 of 1350 
study- level models fit for each metric. For further details, see the 
Supporting Information. Where appropriate, response variables 
were log or log(x + 1) transformed to better fit model assump-
tions of residual normality. The log transformation was applied 
to all metrics except the SES- corrected functional diversity met-
rics, FEve and CWMs for invertebrate consumption, ground for-
aging strata and below water surface foraging strata.

We tested for category- specific trends in all diversity metrics 
within and between different levels of taxa, biome, realm and 
protection status by fitting separate models with each of those 
factors added as a predictor interacting with time to the orig-
inal model structure. For each linear mixed effects model, we 
estimated within- level slopes and calculated between- level con-
trasts for the categorical variable using the emmeans package 
(v1.10.1, Lenth  2022). For some levels of the categorical vari-
ables, we did not have a sufficient number of studies to estimate 
a general trend (Global and Polar/Temperate climate categories), 
and we therefore only interpret results for levels with at least 
three studies. We assessed the impact of time series duration 
and start year on study- level trends using linear models with 
duration and start year as predictors. All models in our analy-
sis were fit using the lme4 (v1.1–35.3) package in R (v4.3.3), and 
p- values were calculated by Satterthwaite's degrees of freedom 
method using the lmerTest (v3.1–3) package with a significance 
level of � = 0.05 (Bates et al. 2015; Kuznetsova, Brockhoff, and 
Christensen 2017; R Core Team 2023).

To correct for false positives due to multiple testing, we assess 
significance of temporal trends based on adjusted p- values. 
Adjusted p- values were calculated using the Benjamini–
Hochberg procedure, which controls the false discovery rate. 
The procedure was implemented by the function p.adjust in 
the R package stats (v4.3.3).

3   |   Results

We found no significant general temporal trend in species rich-
ness or functional diversity metrics including functional rich-
ness, evenness or divergence (observed or corrected) (Figure 2). 
We did find a significant overall decrease in Jaccard similar-
ity, indicating accumulating changes in species composition. 
Nonsignificant overall temporal trends indicate that although 
some studies experience increasing or decreasing trends, the 

average trend across studies was not significantly different from 
zero (Figure 3). Trends by category for different taxa, biomes, 
realms or protection statuses were also nonsignificant for spe-
cies richness and functional diversity metrics (Figure 4).

We did find significant category- specific trends for Jaccard 
similarity and two dietary CWMs (Figure  4). While Jaccard 
similarity was decreasing in the general trend and there were 
significant category- specific turnover trends for birds, terrestrial 
and temperate studies, there was no significant trend in Jaccard 
similarity for marine, mammal, tropical or temperate/tropical 
studies. Jaccard similarity decreased in unprotected areas only, 
with no trend for protected areas. We found significant dietary 
shifts across communities, with a significant increasing gen-
eral trend in fish consumption (Figure  3), which was also re-
flected in increasing fish consumption trends for bird studies 
and unprotected studies. Vertebrate consumption significantly 
declined in marine studies and tropical studies. The trend for 
marine vertebrate consumption was significantly more negative 
than for terrestrial studies, and the temperate trend was signifi-
cantly more negative than tropical studies (Figure 4).

At the study level, 11 of 50 studies exhibited a significant trend 
in species richness and 11 exhibited significant turnover. For 
observed functional diversity metrics, 11 of 50 studies exhibited 
a trend in at least one metric, and 7 of 50 studies exhibited a sig-
nificant trend for at least one corrected metric (Table 2). In gen-
eral, there were more significant trends for observed functional 
diversity metrics, with some disappearing after correction, indi-
cating that those trends were likely due to changes in the num-
ber of species. Study- level slopes were not significantly related to 
start year or duration of time series for any metric.

We assessed the sensitivity of general trend results for all met-
rics to major data processing decision by rerunning models with 
increasingly conservative subsets of the data. Trends for Jaccard 
similarity and fish consumption were not sensitive to either time 
series duration or trait coverage. After excluding time series 
with less than 3 years, we found an increasing trend for body 
mass that remained after excluding time series of less than 4 and 
5 years. The body size trend did however disappear after exclud-
ing time series of less than 10 years. A complete list of models 
run in the sensitivity analysis and their results can be found in 
the Supporting Information.

4   |   Discussion

Our study represents the largest broad- scale multitaxa as-
sessment of functional change through time to date, giving a 
first look at general, categorical and study- level local trends in 
functional diversity in mammal and bird communities. Our 
work complements efforts on a similar scale assessing tempo-
ral change in species and phylogenetic diversity across taxa 
(Daru et al. 2021; Dornelas et al. 2014; Li et al. 2020; Vellend 
et  al.  2013, 2017) or functional diversity change for a single 
taxa (Barnagaud et al. 2017; Jarzyna and Jetz 2016; Trindade- 
Santos, Moyes, and Magurran  2020). We did not detect an 
overall trend in any functional diversity metric, corrected or 
observed. As with previous species- based syntheses, we also 
found no overall trend in species richness accompanied by 
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increasing dissimilarity through time (Dornelas et al. 2018), 
indicating that nonsignificant trends in functional metrics 
are consistent with similar well- documented species derived 
trends.

Category- specific trends in species turnover highlight the 
types of communities experiencing change in community 
composition. For example, we found significant turnover for 
many biomes, realms and taxa with the exception of marine, 
tropical, temperate/tropical and mammal studies. The lack of 
turnover in marine studies stands in contrast to other global 
estimates of biodiversity change that found higher turnover in 

marine systems than terrestrial (Blowes et al. 2019). However, 
previous global estimates are dominated by fish communities 
which we exclude here and are likely driving the overall turn-
over trend while disguising relative stasis in marine bird and 
mammal communities. We also found significant turnover for 
unprotected areas and no significant turnover in protected 
areas, indicating that in general unprotected communities 
are experiencing bigger shifts in community composition 
through time.

Surprisingly, we found no evidence for some of the strongest pre-
dictions for anthropogenic impact. For example, we found no trend 

FIGURE 2    |    Plots of study- level trends with line colour corresponding to climatic region, with data points in grey and the overall mean slope for 
a metric in black for (A) log species richness, (B) Jaccard similarity, (C) functional richness SES, (D) functional divergence SES and (E) functional 
evenness SES.
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in mean body mass in bird or mammal communities. In fact, sensi-
tivity results indicated that after excluding the shortest time series, 
there is evidence of an increasing trend in body size. This result 
could be an indication that either body size is not changing signifi-
cantly due to climate change, opposing pressures such as urban-
isation or carnivore reestablishment are overshadowing climate 
change impacts (Hantak et al. 2021), or current shifts are happen-
ing at an intraspecific level not captured by our data. Additionally, 

the majority of the studies in our dataset draw from areas that may 
have experienced significant loss of large- bodied species before the 
observation window, with contemporary loss rates slowing (Fritz, 
Bininda- Emonds, and Purvis 2009). Trends could be significantly 
different for the same time periods in regions of sub- Saharan 
Africa, for example, which has poor representation in our dataset 
but where megafauna exist on the landscape and are increasingly 
threatened (Ripple et al. 2015).

FIGURE 3    |    Dotplot of study- level temporal slopes for all diversity metrics, where each dot represents a study and the dot colour value is lighter 
for shorter duration time series and darker for longer duration time series. Plot colour indicates the type of metric represented, with species metrics 
in pink, functional diversity metrics in purple, CWMs of the dietary trait axes in yellow, CWMs of the foraging strata trait axes in green and CWMs 
of body mass in light blue. The general model slope estimate (incorporating data for all studies) is denoted by the vertical dashed line. Significant 
general model slopes are indicated by a star.
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We similarly did not find evidence of changes in trait distribu-
tions predicted by previous global change work. We found no 
changes in the prevalence of different foraging strategies, despite 
documented losses of understory birds in the neotropics and 
some evidence that agricultural incursion particularly threatens 
arboreal species. Those shifts may therefore be the result of spe-
cific contexts and not generalisable to bird communities across 
the globe. Rather than declines in insectivory and increases in 
invertivory predicted by changes in resource availability, we in-
stead found changes in the degree of consumption of fish and 
vertebrates. Neither increasing trends for fish consumption nor 
decreasing trends for vertebrate consumption in marine and 
tropical studies are obviously consistent with known changes in 
those contexts and warrant further examination.

4.1   |   Study- Level Functional Change

While trends aggregating across studies did not indicate one pre-
vailing kind of change in functional diversity or functional com-
position (with the exception of changes in fish consumption), 
post hoc examination of trends for individual studies revealed 
four distinct change groups. These groups are categorised based 
on the concurrent trends in species and functional metrics and 
can be broadly described as no change in species or functional 
diversity metrics, change in functional diversity independent of 
species richness, loss of redundancy (species richness declines 
while functional richness is maintained) and increase in spe-
cies richness sometimes accompanied by increasing functional 

richness (Table 3). The majority of studies (32 studies) exhibited 
no trend in any species or functional diversity metric. Contrary 
to the expectation due to anthropogenic and global change 
stressors, these communities do not show significant changes 
over the course of the observation window. Studies in this group 
span the distribution of study durations, excluding only the very 
longest running studies, with the longest no- change time series 
lasting 33 years. They also included both bird and mammal stud-
ies and only seven were located in protected areas, indicating 
that the lack of trend is not restricted to a specific ecological con-
text or those communities most insulated from human impact. 
Across metrics, longer duration studies are distributed across 
the range of slope effect sizes (Figure 4).

The lack of trend could be the result of multiple possible sce-
narios. First, these may be communities resisting perturbations 
or simply not experiencing significant perturbations. Given the 
studies in this group come from all possible taxa, realms, biomes 
and protection statuses, evidence points to communities resist-
ing perturbation. Alternatively, these may be communities that 
have experienced or continue to experience significant stress, 
but lost species or functional diversity outside the observation 
window. This could be true particularly for North American 
mammal communities where trophic downgrading and mega-
faunal losses occurred thousands of years ago (Estes et al. 2011). 
Third, these communities may be experiencing directional 
shifts undetectable by available data. For example, species- level 
trait data do not capture intraspecific shifts in the trait space, 
which can have significant implications for ecological processes.

FIGURE 4    |    Study- level slopes for each of the four site- level categorical variable models: Climate, taxa, protection status and realm. Dots are solid 
if the slope for that category and metric was significant and otherwise open. Significant pairwise differences between categories for a metric are in-
dicated by a solid black connecting line. Slope estimates are z- score scaled for visualisation.

TABLE 2    |    Number of studies that experienced a significant trend in each calculated metric out of 50 total studies. Both observed and corrected 
(SES) versions of functional metrics are included.

Species Functional

S Jaccard similarity FRic FEve FDiv SES FRic SES FEve SES FDiv

+ 2 0 5 3 1 4 0 1

− 9 12 2 0 3 1 1 2
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The next largest group of studies (7 studies) were those with 
no species richness trend that showed a trend in at least one 
functional diversity metric. Based on a species approach alone, 
these communities appear to either be experiencing no change 
or some change in species identity, with unknown implications 
for conservation concern or ecological process. However, with 
the addition of a functional perspective we found multiple kinds 
of underlying change in functional diversity including increases 
and decreases in corrected functional richness and divergence 
and loss of corrected functional evenness. We therefore found 
evidence of both increases and decreases in the functional ca-
pacity of communities independent of species- based metrics, re-
inforcing the importance of moving beyond solely species- based 
approaches for biodiversity assessment (Hillebrand et al. 2017; 
Santini et al. 2017).

Nine studies showed loss of functional redundancy. These stud-
ies are characterised by a loss of species richness with no shift 
in functional diversity metrics, indicating the lost species were 
functionally similar enough to another species to not impact the 
overall functional diversity. Redundancy is critical for maintain-
ing ecological processes in the face of disturbance as it ensures 
functional roles are maintained (Biggs et  al.  2020), and a loss 
of functional redundancy likely reduces a community's capacity 
to respond to future stressors (Reich et  al.  2012). These com-
munities are actually faring better than expected looking at 
species- based metrics alone, but are also in a precarious position 
for maintaining ecological function into the future (Pimiento 
et al. 2020).

The final two studies showed an increase in species richness 
and observed functional richness, with only one showing an 
increase in functional richness beyond what was expected by 
chance (corrected functional richness). While this can be an in-
dication of increasing functional capacity or reestablishment of 
previously lost species, it can also be the result of less desirable 

processes like the introduction of invasive species. Notably, both 
of these studies were from temperate, terrestrial bird commu-
nities in Scandinavian countries with a unique environment 
and conservation context. Still, results are consistent with other 
broad- scale studies of bird communities, which found loss of 
common, functionally general species alongside increases in 
rare species (Inger et al. 2015; Rosenberg et al. 2019; Schipper 
et al. 2016).

Study- level trends in CWMs offer insight into how the func-
tional space might be shifting through time and how that 
functional turnover may or may not relate to species turnover. 
Every study that experienced a trend in a species or functional 
diversity metric (Table  3; functional diversity change, loss of 
redundancy and increase in species richness study types), with 
the exception of 3 ‘loss of redundancy’ studies, also exhibited a 
trend in at least one CWM. This link between CWMs and other 
metrics indicates that changes in the shape of the functional 
space, and additions or losses of species, are almost always ac-
companied by a functional shift. However, shifts in the func-
tional space were not restricted to change studies, as we also 
found significant CWM trends in 7 of the 32 ‘no change’ stud-
ies. Functional turnover was also qualitatively divorced from 
species turnover, with just as many studies exhibiting func-
tional turnover (at least one significant CWM trend) with spe-
cies turnover as not. These post hoc observations give evidence 
that even minimal changes in species composition undetected 
by trends in species- based metrics can translate to significant 
changes to one or a few trait axes.

4.2   |   Conservation Implications

While we found no overall trends in functional metrics, our 
results should not be interpreted as an indication that the on-
going biodiversity crisis is less severe than previously described 

TABLE 3    |    Count of number of studies for different kinds of functional change, broken down into no change functional change without species 
richness change, loss of redundancy and increases in species richness. Trends direction is indicated by a positive or negative sign, with a 0 indicating 
no trend.

Type S Jaccard Similarity SES FRic SES FEve SES FDiv Study count

No change 0 0 0 0 0 32

Functional diversity change 0 0 0 − 0 1

0 − 0 0 0 1

0 − 0 0 − 1

0 − − 0 + 1

0 − + 0 0 2

0 − + 0 − 1

Loss of redundancy − 0 0 0 0 5

− − 0 0 0 4

Increase in species richness + 0 0 0 0 1

+ − + 0 0 1
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or that there is no concern for changes in functional diversity 
as a result of anthropogenic impact. In fact, study- level trends 
indicate quite the opposite, that changes in functional diversity 
and composition with negative or yet unknown implications 
for ecosystem processes may be going undetected by common 
species- based approaches. For example, loss of evenness in com-
munities with constant species richness may be a first sign of a 
community being impacted by environmental change, with neg-
ative implications for stability and function.

One of the biggest threats to biodiversity is the wholesale conver-
sion of natural areas to urban or human- dominated landscapes 
(Tilman et al. 2017). Typical long- term monitoring data such as 
those included in our study stops before this conversion occurs, 
leaving the resultant precipitous declines in biodiversity unre-
corded (Cardinale 2014). This is a known issue with the culture 
of long- term monitoring, and our results should not be removed 
from that context. Rather, this study captures communities that 
are likely experiencing a degree of human intervention but are 
still largely nature dominated.

Acknowledgements

We thank the scientists who contributed to and maintain the biodiver-
sity databases included in this study, including BioTIME, Amphibio and 
Elton Traits. We thank Dr. Shane Blowes and Dr. Sarah Supp, whose 
code we adapted for initial data processing of the BioTIME database. 
We also thank Dr. Benjamin Blonder and Dr. Daniel Gorczynski for 
their generous comments on versions of the manuscript.

Conflicts of Interest

The authors declare no conflicts of interest.

Data Availability Statement

Code for the analyses in this manuscript is archived on Zenodo at 
https:// doi. org/ 10. 5281/ zenodo. 8075946. Data products are also ar-
chived on Zenodo at https:// doi. org/ 10. 5281/ zenodo. 12538949. Original 
data sources are open access and available at their respective providers.

References

AfrOBIS. n.d. “Animal Demography Unit. Coordinated Waterbird 
Counts (CWAC).” http:// www. iobis. org/ .

Bain, G. C., M. A. MacDonald, R. Hamer, R. Gardiner, C. N. Johnson, 
and M. E. Jones. 2020. “Changing Bird Communities of an Agricultural 
Landscape: Declines in Arboreal Foragers, Increases in Large Species.” 
Royal Society Open Science 7, no. 3: 200076. https:// doi. org/ 10. 1098/ rsos. 
200076.

Bakker, C., and P. M. J. Herman. 1990. “Phytoplankton in the 
Oosterschelde Before, During and After the Storm- Surge Barrier 
(19821990).” http:// www. iobis. org/ mappe r/? datas et= 505.

Baltic Seabirds Transect Surveys. (n.d.). http:// www. emodn et-  biolo gy. 
eu/ compo nent/ imis/? modul e= datas et& dasid = 1971.

Barnagaud, J.- Y., P. Gaüzère, B. Zuckerberg, K. Princé, and J.- C. 
Svenning. 2017. “Temporal Changes in Bird Functional Diversity 
Across the United States.” Oecologia 185, no. 4: 737–748. https:// doi. org/ 
10. 1007/ s0044 2-  017-  3967-  4.

Barnosky, A. D., N. Matzke, S. Tomiya, et  al. 2011. “Has the Earth's 
Sixth Mass Extinction Already Arrived?” Nature 471, no. 7336: 51–57. 
https:// doi. org/ 10. 1038/ natur e09678.

Bates, D., M. Mächler, B. Bolker, and S. Walker. 2015. “Fitting Linear 
Mixed- Effects Models Using lme4.” Journal of Statistical Software 67, 
no. 1: 1–48. https:// doi. org/ 10. 18637/  jss. v067. i01.

Berezovikov, N. N. 2004. “The Birds of Settlements in Markakol 
Depression (Southern Altai).” (249), 3–15.

Biggs, C. R., L. A. Yeager, D. G. Bolser, et al. 2020. “Does Functional 
Redundancy Affect Ecological Stability and Resilience? A Review and 
Meta- Analysis.” Ecosphere 11, no. 7: e03184. https:// doi. org/ 10. 1002/ 
ecs2. 3184.

Blonder, B. 2018. “Hypervolume Concepts in Niche-  and Trait- Based 
Ecology.” Ecography 41, no. 9: 1441–1455. https:// doi. org/ 10. 1111/ ecog. 
03187 .

Blowes, S. A., S. R. Supp, L. H. Antão, et al. 2019. “The Geography of 
Biodiversity Change in Marine and Terrestrial Assemblages.” Science 
366, no. 6463: 339–345. https:// doi. org/ 10. 1126/ scien ce. aaw1620.

Boënnec, M., V. Dakos, and V. Devictor. 2024. “Sources of Confusion 
in Global Biodiversity Trends.” Oikos 2024: e10732. https:// doi. org/ 10. 
1111/ oik. 10732 .

Boersma, K. S., L. E. Dee, S. J. Miller, M. T. Bogan, D. A. Lytle, and A. 
I. Gitelman. 2016. “Linking Multidimensional Functional Diversity to 
Quantitative Methods: A Graphical Hypothesis- Evaluation Framework.” 
Ecology 97, no. 3: 583–593. https:// doi. org/ 10. 1890/ 15-  0688.

Brose, U., and H. Hillebrand. 2016. “Biodiversity and Ecosystem 
Functioning in Dynamic Landscapes.” Philosophical Transactions of 
the Royal Society, B: Biological Sciences 371, no. 1694: 20150267. https:// 
doi. org/ 10. 1098/ rstb. 2015. 0267.

Brown, J. H., S. K. M. Ernest, J. M. Parody, and J. P. Haskell. 2001. 
“Regulation of Diversity: Maintenance of Species Richness in Changing 
Environments.” Oecologia 126, no. 3: 321–332. http:// www. jstor. org/ sta-
ble/ 4222853.

Canaday, C. 1996. “Loss of Insectivorous Birds Along a Gradient of 
Human Impact in Amazonia.” Biological Conservation 77, no. 1: 63–77. 
https:// doi. org/ 10. 1016/ 0006-  3207(95) 00115 -  8.

Cardinale, B. 2014. “Overlooked Local Biodiversity Loss.” Science 344, 
no. 6188: 1098. https:// doi. org/ 10. 1126/ scien ce. 344. 6188. 1098-  a.

Cardinale, B. J., J. E. Duffy, A. Gonzalez, et al. 2012. “Biodiversity Loss 
and Its Impact on Humanity.” Nature 486, no. 7401: 59–67. https:// doi. 
org/ 10. 1038/ natur e11148.

Cardinale, B. J., A. Gonzalez, G. R. H. Allington, and M. Loreau. 2018. 
“Is Local Biodiversity Declining or Not? A Summary of the Debate Over 
Analysis of Species Richness Time Trends.” Biological Conservation 
219: 175–183. https:// doi. org/ 10. 1016/j. biocon. 2017. 12. 021.

Caruso, N. M., M. W. Sears, D. C. Adams, and K. R. Lips. 2014. 
“Widespread Rapid Reductions in Body Size of Adult Salamanders in 
Response to Climate Change.” Global Change Biology 20, no. 6: 1751–
1759. https:// doi. org/ 10. 1111/ gcb. 12550 .

Chapman, M., B. R. Goldstein, C. J. Schell, et  al. 2024. “Biodiversity 
Monitoring for a Just Planetary Future.” Science 383, no. 6678: 34–36. 
https:// doi. org/ 10. 1126/ scien ce. adh8874.

Cooke, R. S. C., F. Eigenbrod, and A. E. Bates. 2019. “Projected 
Losses of Global Mammal and Bird Ecological Strategies.” Nature 
Communications 10, no. 1: 1–8. https:// doi. org/ 10. 1038/ s4146 7-  019-  
10284 -  z.

da Silva, F. R. n.d. “Brazil Dataset 1.”

Daru, B. H., T. J. Davies, C. G. Willis, et  al. 2021. “Widespread 
Homogenization of Plant Communities in the Anthropocene.” Nature 
Communications 12, no. 1: 6983. https:// doi. org/ 10. 1038/ s4146 7-  021-  
27186 -  8.

Dirzo, R., H. S. Young, M. Galetti, G. Ceballos, N. J. B. Isaac, and B. 
Collen. 2014. “Defaunation in the Anthropocene.” Science 345, no. 6195: 
401–406. https:// doi. org/ 10. 1126/ scien ce. 1251817.

https://doi.org/10.5281/zenodo.8075946
https://doi.org/10.5281/zenodo.12538949
http://www.iobis.org/
https://doi.org/10.1098/rsos.200076
https://doi.org/10.1098/rsos.200076
http://www.iobis.org/mapper/?dataset=505
http://www.emodnet-biology.eu/component/imis/?module=dataset&dasid=1971
http://www.emodnet-biology.eu/component/imis/?module=dataset&dasid=1971
https://doi.org/10.1007/s00442-017-3967-4
https://doi.org/10.1007/s00442-017-3967-4
https://doi.org/10.1038/nature09678
https://doi.org/10.18637/jss.v067.i01
https://doi.org/10.1002/ecs2.3184
https://doi.org/10.1002/ecs2.3184
https://doi.org/10.1111/ecog.03187
https://doi.org/10.1111/ecog.03187
https://doi.org/10.1126/science.aaw1620
https://doi.org/10.1111/oik.10732
https://doi.org/10.1111/oik.10732
https://doi.org/10.1890/15-0688
https://doi.org/10.1098/rstb.2015.0267
https://doi.org/10.1098/rstb.2015.0267
http://www.jstor.org/stable/4222853
http://www.jstor.org/stable/4222853
https://doi.org/10.1016/0006-3207(95)00115-8
https://doi.org/10.1126/science.344.6188.1098-a
https://doi.org/10.1038/nature11148
https://doi.org/10.1038/nature11148
https://doi.org/10.1016/j.biocon.2017.12.021
https://doi.org/10.1111/gcb.12550
https://doi.org/10.1126/science.adh8874
https://doi.org/10.1038/s41467-019-10284-z
https://doi.org/10.1038/s41467-019-10284-z
https://doi.org/10.1038/s41467-021-27186-8
https://doi.org/10.1038/s41467-021-27186-8
https://doi.org/10.1126/science.1251817


12 of 14 Global Ecology and Biogeography, 2025

Dornelas, M., L. H. Antão, F. Moyes, et al. 2018. “BioTIME: A Database 
of Biodiversity Time Series for the Anthropocene.” Global Ecology and 
Biogeography 27, no. 7: 760–786. https:// doi. org/ 10. 1111/ geb. 12729 .

Dornelas, M., J. M. Chase, N. J. Gotelli, et  al. 2023. “Looking Back 
on Biodiversity Change: Lessons for the Road Ahead.” Philosophical 
Transactions of the Royal Society, B: Biological Sciences 378, no. 1881: 
20220199. https:// doi. org/ 10. 1098/ rstb. 2022. 0199.

Dornelas, M., N. J. Gotelli, B. McGill, et  al. 2014. “Assemblage Time 
Series Reveal Biodiversity Change but Not Systematic Loss.” Science 
344, no. 6181: 296–299. https:// doi. org/ 10. 1126/ scien ce. 1248484.

Edwards, F. A., D. P. Edwards, K. C. Hamer, and R. G. Davies. 2013. 
“Impacts of Logging and Conversion of Rainforest to Oil Palm on the 
Functional Diversity of Birds in Sundaland.” Ibis 155, no. 2: 313–326. 
https:// doi. org/ 10. 1111/ ibi. 12027 .

Enemar, A., B. Sjöstrand, G. Andersson, and T. Von Proschwitz. 2004. 
“The 37- Year Dynamics of a Subalpine Passerine Bird Community, 
With Special Emphasis on the Influence of Environmental Temperature 
and Epirrita autumnata Cycles.” Ornis Svecica 14, no. 3: 63–106. https:// 
doi. org/ 10. 34080/  os. v14. 20236 .

Ernest, S. K. M., T. J. Valone, and J. H. Brown. 2009. “Long- Term 
Monitoring and Experimental Manipulation of a Chihuahuan Desert 
Ecosystem Near Portal, Arizona, USA: Ecological Archives E090- 118.” 
Ecology 90, no. 6: 1708. https:// doi. org/ 10. 1890/ 08-  1222. 1.

Estes, J. A., J. Terborgh, J. S. Brashares, et  al. 2011. “Trophic 
Downgrading of Planet Earth.” Science 333, no. 6040: 301–306. https:// 
doi. org/ 10. 1126/ scien ce. 1205106.

FitzJohn, R. G., M. W. Pennell, A. E. Zanne, P. F. Stevens, D. C. Tank, and 
W. K. Cornwell. 2014. “How Much of the World Is Woody?” Journal of 
Ecology 102, no. 5: 1266–1272. https:// doi. org/ 10. 1111/ 1365-  2745. 12260 .

Flynn, D. F. B., M. Gogol- Prokurat, T. Nogeire, et  al. 2009. “Loss of 
Functional Diversity Under Land Use Intensification Across Multiple 
Taxa.” Ecology Letters 12, no. 1: 22–33. https:// doi. org/ 10. 1111/j. 1461-  
0248. 2008. 01255. x.

Forster, J., A. G. Hirst, and D. Atkinson. 2012. “Warming- Induced 
Reductions in Body Size Are Greater in Aquatic Than Terrestrial 
Species.” Proceedings of the National Academy of Sciences 109, no. 47: 
19310–19314. https:// doi. org/ 10. 1073/ pnas. 12104 60109 .

Friggens, M. 2008. “Sevilleta LTER Small Mammal Population Data.” 
http:// sev. ltern et. edu/ data/ sev-  8.

Fritz, S. A., O. R. P. Bininda- Emonds, and A. Purvis. 2009. “Geographical 
Variation in Predictors of Mammalian Extinction Risk: Big Is Bad, but 
Only in the Tropics.” Ecology Letters 12, no. 6: 538–549. https:// doi. org/ 
10. 1111/j. 1461-  0248. 2009. 01307. x.

Gido, K. 2019. “CFP01 Fish Population on Selected Watersheds at Konza 
Prairie.” https:// doi. org/ 10. 6073/ PASTA/  BE5AD 393AF 83F96 02AAE 
96423 A280875.

Gonzalez, A., B. J. Cardinale, G. R. H. Allington, et al. 2016. “Estimating 
Local Biodiversity Change: A Critique of Papers Claiming no Net Loss 
of Local Diversity.” Ecology 97, no. 8: 1949–1960. https:// doi. org/ 10. 
1890/ 15-  1759. 1.

Gotelli, N. J., H. Shimadzu, M. Dornelas, B. McGill, F. Moyes, and A. 
E. Magurran. 2017. “Community- Level Regulation of Temporal Trends 
in Biodiversity.” Science Advances 3, no. 7: e1700315. https:// doi. org/ 10. 
1126/ sciadv. 1700315.

Hantak, M. M., B. S. McLean, D. Li, and R. P. Guralnick. 2021. 
“Mammalian Body Size Is Determined by Interactions Between 
Climate, Urbanization, and Ecological Traits.” Communications Biology 
4, no. 1: 1–10. https:// doi. org/ 10. 1038/ s4200 3-  021-  02505 -  3.

Hillebrand, H., B. Blasius, E. T. Borer, et al. 2017. “Biodiversity Change 
Is Uncoupled From Species Richness Trends: Consequences for 
Conservation and Monitoring.” Journal of Applied Ecology 55: 169–184. 
https:// doi. org/ 10. 1111/ 1365-  2664. 12959 .

Hillebrand, H., and C. Kunze. 2020. “Meta- Analysis on Pulse 
Disturbances Reveals Differences in Functional and Compositional 
Recovery Across Ecosystems.” Ecology Letters 23, no. 3: 575–585. 
https:// doi. org/ 10. 1111/ ele. 13457 .

Hillebrand, H., and B. Matthiessen. 2009. “Biodiversity in a Complex 
World: Consolidation and Progress in Functional Biodiversity Research: 
Consolidation and Progress in BDEF Research.” Ecology Letters 12, no. 
12: 1405–1419. https:// doi. org/ 10. 1111/j. 1461-  0248. 2009. 01388. x.

Hogstad, O. 1993. “Structure and Dynamics of a Passerine Bird 
Community in a Spruce- Dominated Boreal Forest. A 12- Year Study.” 
Annales Zoologici Fennici 30, no. 1: 43–54. https:// www. jstor. org/ stable/ 
23735355.

Holmes, R. T., T. W. Sherry, and F. W. Sturges. 1986. “Bird Community 
Dynamics in a Temperate Deciduous Forest: Long- Term Trends at 
Hubbard Brook.” Ecological Monographs 56, no. 3: 201–220. https:// doi. 
org/ 10. 2307/ 2937074.

Huss, M., M. Lindmark, P. Jacobson, R. M. van Dorst, and A. Gårdmark. 
2019. “Experimental Evidence of Gradual Size- Dependent Shifts in 
Body Size and Growth of Fish in Response to Warming.” Global Change 
Biology 25, no. 7: 2285–2295. https:// doi. org/ 10. 1111/ gcb. 14637 .

Inamine, H., A. Miller, S. Roxburgh, A. Buckling, and K. Shea. 2022. 
“Pulse and Press Disturbances Have Different Effects on Transient 
Community Dynamics.” American Naturalist 200, no. 4: 571–583. 
https:// doi. org/ 10. 1086/ 720618.

Inger, R., R. Gregory, J. P. Duffy, I. Stott, P. Voříšek, and K. J. Gaston. 
2015. “Common European Birds Are Declining Rapidly While Less 
Abundant species' Numbers Are Rising.” Ecology Letters 18, no. 1: 28–
36. https:// doi. org/ 10. 1111/ ele. 12387 .

Jahncke, J., and C. Rintoul. 2006. “CalCOFI and NMFS Seabird and 
Marine Mammal Observation Data, 19872006.” http:// www. iobis. org.

Jalilov, A. B., A. V. Andreychev, and V. A. Kuznetsov. 2014. “Monitoring 
and Conservation of Medium and Large Mammals in Chamzinsky 
District of the Republic of Mordovia.”

Jarzyna, M. A., and W. Jetz. 2016. “A Near Half- Century of Temporal 
Change in Different Facets of Avian Diversity.” Global Change Biology 
23, no. 8: 2999–3011. https:// doi. org/ 10. 1111/ gcb. 13571 .

Johnson, T. F., A. P. Beckerman, D. Z. Childs, et al. 2024. “Revealing 
Uncertainty in the Status of Biodiversity Change.” Nature 628: 788–794. 
https:// doi. org/ 10. 1038/ s4158 6-  024-  07236 -  z.

Kartzinel, T. R., J. R. Goheen, G. K. Charles, et  al. 2014. “Plant and 
Small- Mammal Responses to Large- Herbivore Exclusion in an African 
Savanna: Five Years of the UHURU Experiment: Ecological Archives 
E095- 064.” Ecology 95, no. 3: 787. https:// doi. org/ 10. 1890/ 13-  1023R. 1.

Kaufman, D. 2019. “CSM01 Seasonal Summary of Numbers of Small 
Mammals on 14 LTER Traplines in Prairie Habitats at Konza Prairie.” 
https:// doi. org/ 10. 6073/ PASTA/  9735A 16A00 18D85 FF5EF B8B74 
FD100F4.

Krefting, L. W., and C. E. Ahlgren. 1974. “Small Mammals and 
Vegetation Changes After Fire in a Mixed Conifer- Hardwood Forest.” 
Ecology 55, no. 6: 1391–1398. https:// doi. org/ 10. 2307/ 1935467.

Krivenko, V. G. 1991. “Waterfowl and Their Protection.”

Kuznetsova, A., P. B. Brockhoff, and R. H. B. Christensen. 2017. “lmerT-
est Package: Tests in Linear Mixed Effects Models.” Journal of Statistical 
Software 82, no. 13: 126. https:// doi. org/ 10. 18637/  jss. v082. i13.

Laliberté, E., and P. Legendre. 2010. “A Distance- Based Framework for 
Measuring Functional Diversity From Multiple Traits.” Ecology 91, no. 
1: 299–305. https:// doi. org/ 10. 1890/ 08-  2244. 1.

Larsen, S., J. M. Chase, I. Durance, and S. J. Ormerod. 2018. “Lifting 
the Veil: Richness Measurements Fail to Detect Systematic Biodiversity 
Change Over Three Decades.” Ecology 99, no. 6: 1316–1326. https:// doi. 
org/ 10. 1002/ ecy. 2213.

https://doi.org/10.1111/geb.12729
https://doi.org/10.1098/rstb.2022.0199
https://doi.org/10.1126/science.1248484
https://doi.org/10.1111/ibi.12027
https://doi.org/10.34080/os.v14.20236
https://doi.org/10.34080/os.v14.20236
https://doi.org/10.1890/08-1222.1
https://doi.org/10.1126/science.1205106
https://doi.org/10.1126/science.1205106
https://doi.org/10.1111/1365-2745.12260
https://doi.org/10.1111/j.1461-0248.2008.01255.x
https://doi.org/10.1111/j.1461-0248.2008.01255.x
https://doi.org/10.1073/pnas.1210460109
http://sev.lternet.edu/data/sev-8
https://doi.org/10.1111/j.1461-0248.2009.01307.x
https://doi.org/10.1111/j.1461-0248.2009.01307.x
https://doi.org/10.6073/PASTA/BE5AD393AF83F9602AAE96423A280875
https://doi.org/10.6073/PASTA/BE5AD393AF83F9602AAE96423A280875
https://doi.org/10.1890/15-1759.1
https://doi.org/10.1890/15-1759.1
https://doi.org/10.1126/sciadv.1700315
https://doi.org/10.1126/sciadv.1700315
https://doi.org/10.1038/s42003-021-02505-3
https://doi.org/10.1111/1365-2664.12959
https://doi.org/10.1111/ele.13457
https://doi.org/10.1111/j.1461-0248.2009.01388.x
https://www.jstor.org/stable/23735355
https://www.jstor.org/stable/23735355
https://doi.org/10.2307/2937074
https://doi.org/10.2307/2937074
https://doi.org/10.1111/gcb.14637
https://doi.org/10.1086/720618
https://doi.org/10.1111/ele.12387
http://www.iobis.org
https://doi.org/10.1111/gcb.13571
https://doi.org/10.1038/s41586-024-07236-z
https://doi.org/10.1890/13-1023R.1
https://doi.org/10.6073/PASTA/9735A16A0018D85FF5EFB8B74FD100F4
https://doi.org/10.6073/PASTA/9735A16A0018D85FF5EFB8B74FD100F4
https://doi.org/10.2307/1935467
https://doi.org/10.18637/jss.v082.i13
https://doi.org/10.1890/08-2244.1
https://doi.org/10.1002/ecy.2213
https://doi.org/10.1002/ecy.2213


13 of 14

Larson, E. I., N. L. Poff, W. C. Funk, et al. 2021. “A Unifying Framework 
for Analyzing Temporal Changes in Functional and Taxonomic 
Diversity Along Disturbance Gradients.” Ecology 102, no. 11: e03503. 
https:// doi. org/ 10. 1002/ ecy. 3503.

Lavorel, S., and E. Garnier. 2002. “Predicting Changes in Community 
Composition and Ecosystem Functioning From Plant Traits: Revisiting 
the Holy Grail.” Functional Ecology 16, no. 5: 545–556. https:// doi. org/ 
10. 1046/j. 1365-  2435. 2002. 00664. x.

Lenth, R. V. 2022. “Emmeans: Estimated Marginal Means, Aka Least- 
Squares Means.” https:// github. com/ rvlen th/ emmeans.

Leps, J., F. Bello, S. Lavorel, and S. Berman. 2006. “Quantifying and 
Interpreting Functional Diversity of Natural Communities: Practical 
Considerations Matter.” Preslia 78: 481–501.

Li, D., J. D. Olden, J. L. Lockwood, S. Record, M. L. McKinney, and B. 
Baiser. 2020. “Changes in Taxonomic and Phylogenetic Diversity in the 
Anthropocene.” Proceedings of the Royal Society B: Biological Sciences 
287, no. 1929: 20200777. https:// doi. org/ 10. 1098/ rspb. 2020. 0777.

Lightfoot, D., and R. L. Schooley. n.d. “SMES Rodent Trapping Data, 
Small Mammal Exclosure Study.” http:// jorna da. nmsu. edu/ sites/  jorna 
da. nmsu. edu/ files/  data_ files/  Jorna daStu dy_ 086_ smes_ rodent_ trapp 
ing_ data_0. csv.

Malyshev, Y. S. 2011. “On the Diagnostic Techniques of Ranks of the 
Number Dynamics Cycles of Small Mammals.” Baikal Zoological 
Journal 1, no. 6: 92–106.

Mason, N. W. H., D. Mouillot, W. G. Lee, J. B. Wilson, and H. Setälä. 
2005. “Functional Richness, Functional Evenness and Functional 
Divergence: The Primary Components of Functional Diversity.” Oikos 
111, no. 1: 112–118. http:// www. jstor. org/ stable/ 3548774.

Matuoka, M. A., M. Benchimol, J. M. de Almeida- Rocha, and J. C. 
Morante- Filho. 2020. “Effects of Anthropogenic Disturbances on Bird 
Functional Diversity: A Global Meta- Analysis.” Ecological Indicators 
116: 106471. https:// doi. org/ 10. 1016/j. ecoli nd. 2020. 106471.

Mcgill, B., B. Enquist, E. Weiher, and M. Westoby. 2006. “Rebuilding 
Community Ecology From Functional Traits.” Trends in Ecology & 
Evolution 21, no. 4: 178–185. https:// doi. org/ 10. 1016/j. tree. 2006. 02. 002.

MEDITS Seabird Surveys 1999/2000/2002. 2011. http:// www. emodn et-  
biolo gy. eu/ compo nent/ imis/? modul e= datas et& dasid = 1979.

Melnikov, Y. I., N. Melnikova, and V. V. Pronkevich. 2000. “Migration of 
Birds of Prey in the Mouth of the River Irkut.” (108), 3–17.

Meyer, C. F. J., and E. K. V. Kalko. 2008. “Assemblage- Level Responses 
of Phyllostomid Bats to Tropical Forest Fragmentation: Land- Bridge 
Islands as a Model System.” Journal of Biogeography 35, no. 9: 1711–
1726. https:// doi. org/ 10. 1111/j. 1365-  2699. 2008. 01916. x.

Monitoring Site 1000 Project, Biodiversity Center, Ministry of 
Environment of Japan. 2013. “Monitoring Site 1000 Shorebird Survey.” 
http:// www. biodic. go. jp/ moni1 000/ findi ngs/ data/ index. html.

Monitoring Site 1000 Project, Biodiversity Center, Ministry of 
Environment of Japan. 2014a. “Monitoring site 1000 Village Survey- 
Bird Survey Data (20052012).” http:// www. biodic. go. jp/ moni1 000/ findi 
ngs/ data/ index. html.

Monitoring Site 1000 Project, Biodiversity Center, Ministry of 
Environment of Japan. 2014b. “Monitoring Site 1000 Village Survey- 
Medium and Large Mammal Survey Data (2006- 2012).” http:// www. 
biodic. go. jp/ moni1 000/ findi ngs/ data/ index. html.

Nedosekin, V. Y. 2015. “Long- Term Dynamics of the Population and the 
Quantity of Small Mammals Under Conditions of the Reserve ‘Galichya 
Gora’.”

Norman, K. E. A., S. Chamberlain, and C. Boettiger. 2020. “Taxadb: 
A High- Performance Local Taxonomic Database Interface.” Methods 
in Ecology and Evolution 11, no. 9: 1153–1159. https:// doi. org/ 10. 1111/ 
2041-  210X. 13440 .

OBIS SEAMAP. n.d.-a. “Bahamas Marine Mammal Research 
Organisation Opportunistic Sightings.” http:// www. iobis. org.

OBIS SEAMAP. n.d.-b. “PIROP Northwest Atlantic 1965- 1992.” http:// 
www. iobis. org/ mappe r/? datas et= 2245.

OBIS SEAMAP. n.d.-c. “POPA Cetacean, Seabird, and Sea Turtle 
Sightings in the Azores Area 1998- 2009.” http:// www. iobis. org/ mappe 
r/? datas et= 4257.

Pardieck, K. L., Z. J. David, M. Lutmerding, V. Aponte, and M.- A. R. 
Hudson. 2020. “North American Breeding Bird Survey Dataset 1966–
2019.” https:// doi. org/ 10. 5066/ P9J6QUF6. version 2019.0.

Pimiento, C., C. D. Bacon, D. Silvestro, et al. 2020. “Selective Extinction 
Against Redundant Species Buffers Functional Diversity.” Proceedings 
of the Royal Society B: Biological Sciences 287, no. 1931: 20201162. 
https:// doi. org/ 10. 1098/ rspb. 2020. 1162.

Pollock, H. S., J. D. Toms, C. E. Tarwater, T. J. Benson, J. R. Karr, 
and J. D. Brawn. 2022. “Long- Term Monitoring Reveals Widespread 
and Severe Declines of Understory Birds in a Protected Neotropical 
Forest.” Proceedings of the National Academy of Sciences 119, no. 16: 
e2108731119. https:// doi. org/ 10. 1073/ pnas. 21087 31119 .

Preston, F. W. 1960. “Time and Space and the Variation of Species.” 
Ecology 41, no. 4: 612–627. https:// doi. org/ 10. 2307/ 1931793.

Primack, R. B., A. J. Miller- Rushing, R. T. Corlett, et  al. 2018. 
“Biodiversity Gains? The Debate on Changes in Local-  vs Global- Scale 
Species Richness.” Biological Conservation 219: A1–A3. https:// doi. org/ 
10. 1016/j. biocon. 2017. 12. 023.

Prins, H. H. T., and I. Douglas- Hamilton. 1990. “Stability in a Multi- 
Species Assemblage of Large Herbivores in East Africa.” Oecologia 83, 
no. 3: 392–400. https:// doi. org/ 10. 1007/ BF003 17566 .

R Core Team. 2021. R: A Language and Environment for Statistical 
Computing. Vienna, Austria: R Foundation for Statistical Computing. 
https:// www. R-  proje ct. org/ .

R Core Team. 2023. R: A Language and Environment for Statistical 
Computing. Vienna, Austria: R Foundation for Statistical Computing. 
https:// www. R-  proje ct. org/ .

Reich, P. B., D. Tilman, F. Isbell, et al. 2012. “Impacts of Biodiversity 
Loss Escalate Through Time as Redundancy Fades.” Science (New York, 
N.Y.) 336, no. 6081: 589–592. https:// doi. org/ 10. 1126/ scien ce. 1217909.

Ripple, W. J., T. M. Newsome, C. Wolf, et  al. 2015. “Collapse of the 
World's Largest Herbivores.” Science Advances 1, no. 4: e1400103. 
https:// doi. org/ 10. 1126/ sciadv. 1400103.

Rocha, R., A. López- Baucells, F. Z. Farneda, et al. 2017. “Consequences 
of a Large- Scale Fragmentation Experiment for Neotropical Bats: 
Disentangling the Relative Importance of Local and Landscape- Scale 
Effects.” Landscape Ecology 32, no. 1: 31–45. https:// doi. org/ 10. 1007/ 
s1098 0-  016-  0425-  3.

Rosenberg, K. V., A. M. Dokter, P. J. Blancher, et al. 2019. “Decline of 
the North American Avifauna.” Science 366, no. 6461: 120–124. https:// 
www. scien ce. org/ doi/ abs/ 10. 1126/ scien ce. aaw1313.

Rossa- Feres, D. d. C. 1997. “Community Ecology of Anura Amphibia at 
Northwest Region of Sao Paulo State, Brazil: Microhabitat, Seasonality, 
Diet and Multidimensional Niche (PhD thesis).”

Santini, L., J. Belmaker, M. J. Costello, et  al. 2017. “Assessing the 
Suitability of Diversity Metrics to Detect Biodiversity Change.” Biological 
Conservation 213: 341–350. https:// doi. org/ 10. 1016/j. biocon. 2016. 08. 024.

Schipper, A. M., J. Belmaker, M. D. de Miranda, et al. 2016. “Contrasting 
Changes in the Abundance and Diversity of North American Bird 
Assemblages From 1971 to 2010.” Global Change Biology 22, no. 12: 
3948–3959. https:// doi. org/ 10. 1111/ gcb. 13292 .

Schleuter, D., M. Daufresne, F. Massol, and C. Argillier. 2010. “A user's 
Guide to Functional Diversity Indices.” Ecological Monographs 80, no. 
3: 469–484. https:// doi. org/ 10. 1890/ 08-  2225. 1.

https://doi.org/10.1002/ecy.3503
https://doi.org/10.1046/j.1365-2435.2002.00664.x
https://doi.org/10.1046/j.1365-2435.2002.00664.x
https://github.com/rvlenth/emmeans
https://doi.org/10.1098/rspb.2020.0777
http://jornada.nmsu.edu/sites/jornada.nmsu.edu/files/data_files/JornadaStudy_086_smes_rodent_trapping_data_0.csv
http://jornada.nmsu.edu/sites/jornada.nmsu.edu/files/data_files/JornadaStudy_086_smes_rodent_trapping_data_0.csv
http://jornada.nmsu.edu/sites/jornada.nmsu.edu/files/data_files/JornadaStudy_086_smes_rodent_trapping_data_0.csv
http://www.jstor.org/stable/3548774
https://doi.org/10.1016/j.ecolind.2020.106471
https://doi.org/10.1016/j.tree.2006.02.002
http://www.emodnet-biology.eu/component/imis/?module=dataset&dasid=1979
http://www.emodnet-biology.eu/component/imis/?module=dataset&dasid=1979
https://doi.org/10.1111/j.1365-2699.2008.01916.x
http://www.biodic.go.jp/moni1000/findings/data/index.html
http://www.biodic.go.jp/moni1000/findings/data/index.html)
http://www.biodic.go.jp/moni1000/findings/data/index.html)
http://www.biodic.go.jp/moni1000/findings/data/index.html
http://www.biodic.go.jp/moni1000/findings/data/index.html
https://doi.org/10.1111/2041-210X.13440
https://doi.org/10.1111/2041-210X.13440
http://www.iobis.org
http://www.iobis.org/mapper/?dataset=2245
http://www.iobis.org/mapper/?dataset=2245
http://www.iobis.org/mapper/?dataset=4257
http://www.iobis.org/mapper/?dataset=4257
https://doi.org/10.5066/P9J6QUF6
https://doi.org/10.1098/rspb.2020.1162
https://doi.org/10.1073/pnas.2108731119
https://doi.org/10.2307/1931793
https://doi.org/10.1016/j.biocon.2017.12.023
https://doi.org/10.1016/j.biocon.2017.12.023
https://doi.org/10.1007/BF00317566
https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1126/science.1217909
https://doi.org/10.1126/sciadv.1400103
https://doi.org/10.1007/s10980-016-0425-3
https://doi.org/10.1007/s10980-016-0425-3
https://www.science.org/doi/abs/10.1126/science.aaw1313
https://www.science.org/doi/abs/10.1126/science.aaw1313
https://doi.org/10.1016/j.biocon.2016.08.024
https://doi.org/10.1111/gcb.13292
https://doi.org/10.1890/08-2225.1


14 of 14 Global Ecology and Biogeography, 2025

Scott, D., B. Metts, and S. Lance. n.d. “The Rainbow Bay Long- Term 
Study.” http:// srelh erp. uga. edu/ proje cts/ rbay. htm.

Şekercioḡlu, Ç. H., P. R. Ehrlich, G. C. Daily, D. Aygen, D. Goehring, and 
R. F. Sandí. 2002. “Disappearance of Insectivorous Birds From Tropical 
Forest Fragments.” Proceedings of the National Academy of Sciences 99, 
no. 1: 263–267. https:// doi. org/ 10. 1073/ pnas. 01261 6199.

Sheridan, J. A., and D. Bickford. 2011. “Shrinking Body Size as an 
Ecological Response to Climate Change.” Nature Climate Change 1, no. 
8: 401–406. https:// doi. org/ 10. 1038/ nclim ate1259.

Stapp, P. 2014. “SGS- LTER Long- Term Monitoring Project: Small 
Mammals on Trapping Webs on the Central Plains Experimental Range, 
Nunn, Colorado, USA 1994–2006, ARS Study Number 118.” https:// doi. 
org/ 10. 6073/ PASTA/  2E311 B4E40 FEA38 E5738 90F47 3807BA9.

Streit, R. P., and D. R. Bellwood. 2023. “To Harness Traits for Ecology, 
Let's Abandon ‘Functionality’.” Trends in Ecology & Evolution 38, no. 5: 
402–411. https:// doi. org/ 10. 1016/j. tree. 2022. 11. 009.

Suding, K. N., S. Lavorel, F. S. Chapin, et  al. 2008. “Scaling 
Environmental Change Through the Community- Level: A Trait- Based 
Response- And- Effect Framework for Plants.” Global Change Biology 14, 
no. 5: 1125–1140. https:// doi. org/ 10. 1111/j. 1365-  2486. 2008. 01557. x.

Sully, S., D. E. Burkepile, M. K. Donovan, G. Hodgson, and R. van 
Woesik. 2019. “A Global Analysis of Coral Bleaching Over the Past Two 
Decades.” Nature Communications 10, no. 1: 1264. https:// doi. org/ 10. 
1038/ s4146 7-  019-  09238 -  2.

Svensson, S. 2006. “Species Composition and Population Fluctuations 
of Alpine Bird Communities During 38 Years in the Scandinavian 
Mountain Range.” Ornis Svecica 16: 183–210.

Svensson, S., A. M. Thorner, and N. E. I. Nyholm. 2010. “Species Trends, 
Turnover and Composition of a Woodland Bird Community in Southern 
Sweden During a Period of Fifty- Seven Years.” Ornis Svecica 20, no. 1: 
31–44. https:// doi. org/ 10. 34080/  os. v20. 22641 .

Swenson, N. G., B. J. Enquist, J. Pither, et al. 2012. “The Biogeography 
and Filtering of Woody Plant Functional Diversity in North and South 
America.” Global Ecology and Biogeography 21, no. 8: 798–808. https:// 
doi. org/ 10. 1111/j. 1466-  8238. 2011. 00727. x.

Tallamy, D. W., and W. G. Shriver. 2021. “Are Declines in Insects and 
Insectivorous Birds Related?” Ornithological Applications 123, no. 1: 
duaa059. https:// doi. org/ 10. 1093/ ornit happ/ duaa059.

Thorn, S., C. Bässler, M. Bernhardt- Römermann, et al. 2016a. “Changes 
in the Dominant Assembly Mechanism Drive Species Loss Caused by 
Declining Resources.” Ecology Letters 19, no. 2: 163–170. https:// doi. org/ 
10. 1111/ ele. 12548 .

Thorn, S., S. A. B. Werner, J. Wohlfahrt, et  al. 2016b. “Response of 
Bird Assemblages to Windstorm and Salvage Logging Insights From 
Analyses of Functional Guild and Indicator Species.” Ecological 
Indicators 65: 142–148. https:// doi. org/ 10. 1016/j. ecoli nd. 2015. 06. 033.

Tilman, D., M. Clark, D. R. Williams, K. Kimmel, S. Polasky, and C. 
Packer. 2017. “Future Threats to Biodiversity and Pathways to Their 
Prevention.” Nature 546, no. 7656: 73–81. https:// doi. org/ 10. 1038/ natur 
e22900.

Trindade- Santos, I., F. Moyes, and A. E. Magurran. 2020. “Global Change 
in the Functional Diversity of Marine Fisheries Exploitation Over the Past 
65 Years.” Proceedings of the Royal Society B: Biological Sciences 287, no. 
1933: 20200889. https:// doi. org/ 10. 1098/ rspb. 2020. 0889.

Tseng, M., K. M. Kaur, S. Soleimani Pari, et al. 2018. “Decreases in Beetle 
Body Size Linked to Climate Change and Warming Temperatures.” 
Journal of Animal Ecology 87, no. 3: 647–659. https:// doi. org/ 10. 1111/ 
1365-  2656. 12789 .

USFS. n.d. “Landbird Monitoring Program (UMT- LBMP).” http:// www. 
avian knowl edge. net/ .

Vellend, M., L. Baeten, I. H. Myers- Smith, et  al. 2013. “Global Meta- 
Analysis Reveals no Net Change in Local- Scale Plant Biodiversity Over 

Time.” Proceedings of the National Academy of Sciences 110, no. 48: 
19456–19459. https:// doi. org/ 10. 1073/ pnas. 13127 79110 .

Vellend, M., M. Dornelas, L. Baeten, et  al. 2017. “Estimates of Local 
Biodiversity Change Over Time Stand up to Scrutiny.” Ecology 98, no. 2: 
583–590. https:// doi. org/ 10. 1002/ ecy. 1660.

Vermont Center For Ecostudies, J. D. Lambert, and J. Hart. 2015. 
“Mountain Birdwatch 1.0.” https:// doi. org/ 10. 5063/ F1DN430G.

Vickery, W. L., and T. D. Nudds. 1984. “Detection of Density- Dependent 
Effects in Annual Duck Censuses.” Ecology 65, no. 1: 96–104. https:// 
doi. org/ 10. 2307/ 1939462.

Wagner, D. L., E. M. Grames, M. L. Forister, M. R. Berenbaum, and 
D. Stopak. 2021. “Insect Decline in the Anthropocene: Death by a 
Thousand Cuts.” Proceedings of the National Academy of Sciences 118, 
no. 2: e2023989118. https:// doi. org/ 10. 1073/ pnas. 20239 89118 .

Waide, R. 2017. “Bird Abundance- Point Counts.” https:// doi. org/ 10. 
6073/ PASTA/  91E63 02E74 3BAC1 E3E32 781B8 69CE3D9.

Williamson, M. 1983. “The Land- Bird Community of Skokholm: 
Ordination and Turnover.” Oikos 41, no. 3: 378–384. https:// doi. org/ 10. 
2307/ 3544096.

Wilman, H., J. Belmaker, J. Simpson, C. de la Rosa, M. M. Rivadeneira, 
and W. Jetz. 2014. “EltonTraits 1.0: Species- Level Foraging Attributes of 
the world's Birds and Mammals: Ecological Archives E095- 178.” Ecology 
95, no. 7: 2027. https:// doi. org/ 10. 1890/ 13-  1917. 1.

Young, H. S., D. J. McCauley, M. Galetti, and R. Dirzo. 2016. “Patterns, 
Causes, and Consequences of Anthropocene Defaunation.” Annual 
Review of Ecology, Evolution, and Systematics 47, no. 1: 333–358. https:// 
doi. org/ 10. 1146/ annur ev-  ecols ys-  11241 4-  054142.

Zakharov, V. D. 1998. Biodiversity of Bird Population of Terrestrial 
Habitats in Southern Ural. Miass: IGZ. http:// aship unov. info/ shipu nov/ 
school/ books/  zakha rov19 98_ biora zn_ nasel_ ptits_ mazemn_ mesto ob_ 
juzhn_ urala. pdf.

Supporting Information

Additional supporting information can be found online in the 
Supporting Information section.

http://srelherp.uga.edu/projects/rbay.htm
https://doi.org/10.1073/pnas.012616199
https://doi.org/10.1038/nclimate1259
https://doi.org/10.6073/PASTA/2E311B4E40FEA38E573890F473807BA9
https://doi.org/10.6073/PASTA/2E311B4E40FEA38E573890F473807BA9
https://doi.org/10.1016/j.tree.2022.11.009
https://doi.org/10.1111/j.1365-2486.2008.01557.x
https://doi.org/10.1038/s41467-019-09238-2
https://doi.org/10.1038/s41467-019-09238-2
https://doi.org/10.34080/os.v20.22641
https://doi.org/10.1111/j.1466-8238.2011.00727.x
https://doi.org/10.1111/j.1466-8238.2011.00727.x
https://doi.org/10.1093/ornithapp/duaa059
https://doi.org/10.1111/ele.12548
https://doi.org/10.1111/ele.12548
https://doi.org/10.1016/j.ecolind.2015.06.033
https://doi.org/10.1038/nature22900
https://doi.org/10.1038/nature22900
https://doi.org/10.1098/rspb.2020.0889
https://doi.org/10.1111/1365-2656.12789
https://doi.org/10.1111/1365-2656.12789
http://www.avianknowledge.net/
http://www.avianknowledge.net/
https://doi.org/10.1073/pnas.1312779110
https://doi.org/10.1002/ecy.1660
https://doi.org/10.5063/F1DN430G
https://doi.org/10.2307/1939462
https://doi.org/10.2307/1939462
https://doi.org/10.1073/pnas.2023989118
https://doi.org/10.6073/PASTA/91E6302E743BAC1E3E32781B869CE3D9
https://doi.org/10.6073/PASTA/91E6302E743BAC1E3E32781B869CE3D9
https://doi.org/10.2307/3544096
https://doi.org/10.2307/3544096
https://doi.org/10.1890/13-1917.1
https://doi.org/10.1146/annurev-ecolsys-112414-054142
https://doi.org/10.1146/annurev-ecolsys-112414-054142
http://ashipunov.info/shipunov/school/books/zakharov1998_biorazn_nasel_ptits_mazemn_mestoob_juzhn_urala.pdf
http://ashipunov.info/shipunov/school/books/zakharov1998_biorazn_nasel_ptits_mazemn_mestoob_juzhn_urala.pdf
http://ashipunov.info/shipunov/school/books/zakharov1998_biorazn_nasel_ptits_mazemn_mestoob_juzhn_urala.pdf

	No General Trend in Functional Diversity in Bird and Mammal Communities Despite Compositional Change
	ABSTRACT
	1   |   Introduction
	2   |   Material and Methods
	2.1   |   Data
	2.2   |   Diversity Metrics
	2.3   |   Null Models
	2.4   |   Analysis

	3   |   Results
	4   |   Discussion
	4.1   |   Study-Level Functional Change
	4.2   |   Conservation Implications

	Acknowledgements
	Conflicts of Interest
	Data Availability Statement
	References


